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Abstract

Sentiment analysis, also referred to as opinion mining, is a
computational technique utilized to detect sentiments and personal
information conveyed within a text. Its objective is to extract opinions,
emotions, attitudes, and personal information from textual data and classify
them into positive, negative, or neutral categories. However, one of the
main challenges in sentiment analysis lies in accurately discerning between
various emotions. Textual statements can Dbe intricate, incorporating
elements of sarcasm, ambiguity, or complexity, thereby posing difficulties

in accurately identifying the underlying emotion being expressed.

The Arabic language presents additional challenges in sentiment
analysis due to the limited availability of language resources and tools
compared to some widely spoken foreign languages. This scarcity of
resources hinders the development of robust sentiment analysis models
specifically designed for Arabic script. Moreover, there is limited research
focusing on sentiment analysis in the Jordanian dialect, which highlights
the significance of exploring sentiment analysis in this specific context. By
studying sentiment analysis in the Jordanian dialect, valuable insights into
regional patterns of feelings and expressions can be gained. In this study,



the impact of using the Memetic algorithm on the performance of
classifiers will be investigated, aiming to achieve different results and
compare them with traditional classification approaches. Support Vector
Machine, Multinomial Naive Bayes, and Logistic Regression were chosen

as the classifiers based on their proven success in SA in previous studies.

The memetic algorithm strategy used in this study included using
Pearson correlation as a local search strategy and integrating the genetic
algorithm as a global search strategy. By integrating the memetic algorithm
into the classification process, it was applied to the Arab-Jordanian Public
Tweets (AJGT) dataset. This led to positive results across all classifiers and
performance measures. Specifically, the accuracy scores achieved by each
classifier using the memetic algorithm were as follows: (SVM): 82.22% |,
(MNB): 85.61% and (LR): 84.56%.

These results indicate the effectiveness of the MEM algorithm in
enhancing the performance of sentiment analysis classifiers in a given

context .
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